
Journal for Educators, Teachers and Trainers JETT, Vol.14(6);ISSN:1989-9572 
                                                                                                                                                                                                234 

 

 

ISSN 1989-9572  

DOI:10.47750/jett.2023.14.06.023 

 

 

DYNAMIC TOURIST DESTINATION SUGGESTIONS 

THROUGH DECISION TREE-BASED DATA ANALYSIS 

 

1Dr. VISHNUVARDHAN BANDELA,2MUNUKUNTLA HYMAVATHI,3ANUSHA 

BITAVARAM 

Journal for Educators, Teachers and Trainers, Vol.14(6) 

https://jett.labosfor.com/ 

 

 

 

 

 

Date of Reception: 12 Aug 2023 

Date of Revision: 05 Sep 2023 

Date of Publication : 16 Oct 2023 

 

 

 

 

1Dr. VISHNUVARDHAN BANDELA,2MUNUKUNTLA HYMAVATHI,3ANUSHA 
BITAVARAM (2023). DYNAMIC TOURIST DESTINATION SUGGESTIONS THROUGH DECISION TREE-BASED 

DATA ANALYSIS. Journal for Educators, Teachers and Trainers,Vol.14(6).234-241 

https://jett.labosfor.com/


Journal for Educators, Teachers and Trainers JETT, Vol.14(6);ISSN:1989-9572 

 

                                                                                                                                                                                                235 

 

 

 

Journal for Educators, Teachers and Trainers, Vol. 14(6) 

 

ISSN1989 –9572 

 

https://jett.labosfor.com/ 

DYNAMIC TOURIST DESTINATION SUGGESTIONS 

THROUGH DECISION TREE-BASED DATA ANALYSIS 
1Dr. VISHNUVARDHAN BANDELA,2MUNUKUNTLA HYMAVATHI,3ANUSHA BITAVARAM 

1Professor ,23Assistant Professor 

Department Of MCA 

Vaagdevi Engineering College, Bollikunta, Khila Warangal, Warangal, Telangana 

ABSTRACT 

Tourist recommendation systems play a crucial 

role in enhancing travelers' experiences by 

offering personalized suggestions based on 

individual preferences and historical data. This 

paper presents a dynamic tourist destination 

suggestion system utilizing the decision tree 

algorithm, a powerful machine learning 

technique, to analyze user data and generate 

optimal recommendations. The system integrates 

various factors such as location, user interests, 

budget, seasonality, and past travel behavior to 

provide real-time, context-aware suggestions for 

tourists. 

By leveraging decision trees, the system can 

effectively classify and predict the most suitable 

tourist destinations for each user, ensuring a 

personalized and diverse travel experience. 

Additionally, the system's adaptability allows it 

to adjust recommendations dynamically, 

considering shifting user preferences and 

emerging trends in travel patterns. 

The proposed solution is designed for 

scalability, enabling seamless integration with 

existing tourism platforms and applications. This 

approach not only improves the accuracy and 

relevance of recommendations but also offers a 

more efficient, data-driven way of matching 

users with ideal travel experiences. Through this 

method, tourists can explore destinations that 

align with their unique preferences, ultimately 

optimizing the travel planning process. 

I. INTRODUCTION 

The rapid growth of the tourism industry has led 

to an overwhelming variety of destinations and 

experiences available to travelers. However, 

with such an extensive range of choices, tourists 

often face difficulty in selecting destinations that 

best match their preferences, interests, and 

needs. Traditional travel recommendation 

systems may lack the precision needed to offer 

personalized suggestions based on a diverse set 

of criteria, such as budget, interests, and 

seasonal factors. This challenge highlights the 

need for an intelligent, dynamic 

recommendation system that can effectively 

tailor suggestions to individual tourists. 

In this context, machine learning techniques, 

particularly decision tree algorithms, offer a 
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promising solution. Decision trees provide a 

transparent and interpretable way to model 

complex decision-making processes. By 

analyzing user preferences, travel history, and 

external factors, a decision tree-based 

recommendation system can generate accurate 

and context-aware tourist destination 

suggestions. This system aims to improve the 

efficiency and relevance of recommendations, 

ensuring that tourists are guided to destinations 

that best suit their desires and expectations. 

This paper introduces a dynamic tourist 

destination suggestion system powered by 

decision tree algorithms. The system is designed 

to consider various factors influencing travel 

decisions, such as personal preferences, 

geographic location, climate, and budget, and 

make personalized recommendations that adapt 

to evolving user inputs. By leveraging the power 

of decision trees, the system offers real-time, 

adaptable, and context-driven recommendations, 

optimizing the travel experience for each user. 

This research demonstrates the potential of 

combining data analytics and machine learning 

to revolutionize the way tourists plan and enjoy 

their trips. 

II.LITERATURE SURVEY 

The field of tourist recommendation systems has 

been widely researched, with numerous 

approaches being explored to offer personalized 

and context-aware suggestions. Traditionally, 

these systems relied on collaborative filtering 

and content-based filtering techniques, which, 

while useful, often faced limitations regarding 

scalability, accuracy, and adaptability to user 

preferences. In this section, we review some of 

the most prominent research and advancements 

in the domain of tourist recommendation 

systems, with a focus on machine learning-based 

approaches, especially decision tree algorithms. 

Collaborative Filtering and Content-Based 

Approaches 

Early works in tourism recommendation systems 

mainly utilized collaborative filtering (CF) and 

content-based filtering (CBF) algorithms. 

Collaborative filtering relies on user-item 

interactions and recommends destinations based 

on the behavior of similar users, while content-

based filtering suggests destinations based on 

the characteristics of previously visited places. 

Both techniques have shown promise but are 

constrained by the cold-start problem (lack of 

data for new users) and limited personalization. 

[Jannach et al., 2010] explored how CF can be 

applied to tourism, but the system’s inability to 

adapt dynamically to diverse preferences was a 

major drawback. 

Hybrid Systems 

To overcome the limitations of CF and CBF, 

hybrid recommendation systems combine 

multiple techniques, such as collaborative 

filtering, content-based filtering, and 

knowledge-based recommendations. These 

systems aim to provide more accurate and 

relevant suggestions by considering various data 

sources, including user preferences, location, 

and seasonality. [Zhao et al., 2013] proposed a 

hybrid recommendation system using both 

collaborative and content-based features to 

improve the personalization of travel 

suggestions. While hybrid approaches have 

improved recommendation accuracy, they still 

often struggle with real-time adaptability. 

 

Machine Learning-Based Approaches 

With the rise of machine learning, many recent 

studies have focused on leveraging various ML 

algorithms to enhance recommendation system 

accuracy and adaptability. Decision trees, a type 

of supervised learning algorithm, are particularly 

well-suited for classification tasks and have been 

applied in recommendation systems. [Liu et al., 

2016] developed a tourist recommendation 

system using decision trees that classify 

destinations based on features like season, 

weather, and personal preferences. Decision 

trees provide the advantage of model 

interpretability, which allows for better 
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understanding and trust in the recommendations, 

making them an attractive option for tourism 

systems. 

Decision Tree Algorithms in Tourism 

Decision tree algorithms, such as C4.5, ID3, and 

CART (Classification and Regression Trees), 

have been explored for use in various 

recommendation systems. [Jia et al., 2017] 

demonstrated how decision trees could be used 

to classify tourist destinations based on user 

preferences and other contextual factors. Their 

system achieved high levels of accuracy by 

considering multiple attributes such as budget, 

destination type, and activity preferences. One 

of the main advantages of decision trees is their 

ability to handle both categorical and numerical 

data, making them flexible for different types of 

recommendation contexts. 

Context-Aware and Real-Time 

Recommendation Systems 

Context-aware recommendation systems 

consider factors like location, time, weather, and 

social interactions to offer more personalized 

and timely recommendations. [Wang et al., 

2018] proposed a context-aware 

recommendation system that incorporates real-

time data such as weather forecasts and local 

events to suggest destinations. While these 

systems have improved personalization, they 

often require complex integration with external 

data sources, and their performance can be 

affected by data quality. 

Advanced Techniques for Dynamic Adaptability 

Recently, more sophisticated machine learning 

techniques, such as ensemble methods and deep 

learning, have been explored to enhance the 

adaptability of recommendation systems. These 

approaches enable systems to dynamically adjust 

to evolving user preferences and provide more 

accurate and context-specific suggestions. 

However, decision tree-based systems are still 

preferred in many cases for their simplicity, 

interpretability, and efficiency in handling large 

datasets. 

Summary of Gaps and Opportunities 

While existing studies have made significant 

strides in personalizing tourist 

recommendations, many systems still struggle 

with real-time adaptability and context-aware 

suggestions. The majority of systems are not 

dynamic enough to respond to changing user 

preferences or environmental factors. 

Additionally, while machine learning 

approaches, including decision trees, have been 

employed, there is still room for improvement in 

terms of integrating real-time user data and 

enhancing the scalability of recommendation 

systems. By incorporating advanced data-driven 

methods like decision trees, a more effective and 

dynamic tourist recommendation system can be 

developed, which is the focus of this research. 

In summary, the literature highlights the 

potential for machine learning techniques, 

specifically decision trees, to improve tourist 

recommendation systems. By integrating 

dynamic factors such as user preferences, 

location, and real-time data, these systems can 

offer more personalized and context-aware 

suggestions. Our research aims to build on these 

foundations and develop a more adaptive system 

that leverages decision tree algorithms for real-

time tourist destination suggestions. 

 

III. SYSTEM ANALYSIS  

 

SYSTEM ARCHITECTURE 
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EXISTING SYSTEM 

Travel agencies are the first people we turn to 

when we want to arrange a trip for a vacation or 

a general visit, and we must then follow their 

recommendations. [2]However, as a result, we 

have certain challenges, such as when our 

vacation begins but the travel agency package 

date falls between our working hours or at the 

conclusion of our vacation. Since the current 

method is general, some tourists may receive the 

same travel advice. Travel agents create plans 

that don't align with the needs and interests of 

tourists. Travel agencies eventually promise 

vacationers excellent service, but this seldom 

happens and travellers deal with a lot of 

problems. Tourists' hotel suggestion system. 

suggests hotels while taking internet evaluations 

into account to help choosing the ideal hotel 

easier. It provides details about the hotel, 

including the address, average rating, name, 

country of the reviewer, and review 

(sentiments). 

 

PROPOSED SYSTEM 

In order to address the aforementioned issues, 

this research suggests a TRS that suggests 

tourism places. The Data Mining (DM) measure 

is used to process the proposed TRS offline. 

This covers the selection of variables utilising 

feature selection techniques, decision tree C4.5 

decision making, and decision tree translation. 

There are three key advances in the planned 

TRS. First, two feature selection techniques are 

applied to reduce the model complexity and 

eliminate superfluous (redundant and irrelevant) 

inputs into the system. Second, to enable the 

tourists to choose their location, a decision tree 

C4.5 is used as a classifier. Last but not least, the 

suggested solution makes use of actual data that 

we gathered from East European TripAdvisor 

crawls. C4.5 decision tree algorithms, which 

leverage information from prior users' 

experiences, are used to solve the 

aforementioned issue. We require a dataset in 

order to construct the decision tree model, and 

occasionally this dataset will contain empty or 

trash values. These values will negatively impact 

the decision tree model, therefore we can 

eliminate them by using pre-processing 

techniques. Next, create a decision tree model 

that will predict the ideal location based on the 

user's input if they provide their needs. It is 

assumed that people who share similar interests 

would favour comparable items. Three steps 

may be distinguished in the recommendation 

process for tourist destinations based on decision 

trees: i. The rendering of user (tourist) 

information. It is necessary to look into and 

display the prior user evaluation of the appeal's 

visiting history. 

ii. The creation of nearby users, or visitors. The 

MRMR technique we gave and the visiting 

history data may be used to determine the 

similarity of sightseers. Based on known 

commonalities, a neighbour tourist list may be 

constructed.  

iii. The creation of suggestions for attractions. 

The tourist's top attraction will be suggested by 

his neighbours' past visits. 

ADVANTAGES OF PROPOSED SYSTEM 

1) To implement decision tree model we need to 

have dataset and this dataset sometime will have 

empty or garbage values and this values will put 

bad effect on decision tree model so we can 

remove such empty or garbage values by 

applying pre-process techniques. 

2) And then build a decision tree model, if new 

user enter his requirements then decision 

tree will predict best location based on his given 

input 

 

III. IMPLEMENTATION 

Modules: 

The system comprises of 3 major modules 

with their sub-modules as follows: 

1. Admin: 
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• Login: Admin can login in his 

personal account using id and 

password. 

• Add Location: Admin can add 

new Locations. 

• View Location: Admin can 

view add locations. 

 

2. User: 

 

• View Location: User can view 

the location. 

• View Opinion Analytics: User 

can view the opinion analytics 

of the particular location. 

IV. SCREEN SHOTS 

Double click on ‘run.bat’ file to get below 

screen 

 

 
In above screen click on ‘Upload Tourist 

Dataset’ button and upload dataset file 

 

 
 

After file upload will get below screen 

with all dataset details 

 

 
 

In above screen all users past experience 

dataset loaded and total 12 attributes are there in 

the dataset. Now click on ‘Run Preprocess & 

Feature Selection Algorithm’ button to remove 

empty values and reduce attributes size. 

 

 
 

In above screen after applying MRMR 

features size reduces to 3 and only those 

attributes will be used whose column is TRUE 

and FALSE column will be ignore. Now click 

on ‘Generate C4.5 Decision Tree Model’ to 

build model 

 

 
 

In above screen we can see using IF and 

ELSE statement decision tree has generated 
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model. If > it will choose some decision if < it 

will choose some other decision. Now click on 

‘Tourist Recommendation’ button to upload test 

file with no location name and application will 

predict it  

 

 
 

In above screen i am uploading test file 

now click open to get predicted or recommended 

location. In test file location name is not there 

application will give 

 

 
 

In above screen after uploading test data 

we can see all values are there in test data but it 

not has location name and base on test values 

application predicted or recommend location 

name. 

 

Now click on Features Selection Graph 

button to get below graph 

 

 
In above graph x-axis contains total 

features and MRMR selected features and y-axis 

represents count of features and in above graph 

we can see after applying MRMR technique 

features size reduces to 3.   

V. CONCLUSION 

In this paper, we have explored the potential of 

decision tree-based algorithms for enhancing 

tourist recommendation systems, particularly by 

integrating dynamic and personalized factors. 

Traditional recommendation systems have 

struggled with real-time adaptability and user-

specific recommendations, often limited by 

cold-start problems or the lack of contextual 

awareness. By applying machine learning 

techniques, especially decision trees, we can 

significantly improve recommendation accuracy 

and provide more dynamic suggestions based on 

real-time data, such as user preferences, weather 

conditions, and seasonal factors. 

 

Decision tree algorithms offer a robust 

framework for creating interpretable and 

efficient recommendation systems. Their ability 

to handle both categorical and numerical data 

makes them well-suited for the diverse and 

complex nature of tourism data. Additionally, 

decision trees can be easily adapted to integrate 

various types of input, such as budget, activity 

preferences, and even location-based factors, 

making them a versatile choice for building 

scalable and effective systems. 

 

While several advancements in hybrid and 

context-aware recommendation systems have 

been made, the challenge of creating truly 
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dynamic systems that respond in real time to 

changing conditions remains. In our proposed 

model, we aim to bridge this gap by leveraging 

decision trees to classify tourist destinations 

based on multiple dynamic factors, providing 

real-time, context-sensitive recommendations 

that meet user-specific needs. 

 

Future work can explore the integration of more 

advanced machine learning techniques, such as 

ensemble methods or deep learning, alongside 

decision trees to further enhance system 

accuracy and scalability. Moreover, real-time 

data sources, such as traffic conditions and 

social media activity, could be incorporated to 

improve the responsiveness and personalization 

of the recommendations. 

 

Overall, decision tree-based models offer a 

promising approach to optimizing tourist 

recommendation systems, and by integrating 

real-time factors, we can deliver a more 

personalized and user-centered experience, 

contributing to the development of smarter 

tourism systems in the future. 
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